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In order to mvestigate the feasibilily ol estimating vegetation coverage by general regression neural network
(GRNN) based on remote sensing data, this study took the field investigation of Mu Us sand land in Ordos
plateau as example and used normalized different vegetation index ( NDVI) and land type as parameters.

Results indicate that GRNN model obtained higher prediction precision of single sample than general linear

model, and the overall prediction precision almost kept unchanged.
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